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WHAT IS STATISTICS?

WE MUDPDPLE THROUGH LIFE MAKING CHOICES
BASED ON INCOMPLETE INFORMATION...

17

SHOULPD I HAVE THE soUup?
Z7 OUT OF THE &6 TIMES
I'VE HAD IT, IT WAS PRETTY
GOOPD... BUT 15 MONPAY THE

REGULAR CHEF'S NIGHT
OFF?7 AND WHAT IF ALL THE

AIR MOLECULES IN THE
ROOM SUPPENLY FLY UP TO
THE CEILING?

SHOULD I UHAVE THE Ss0OUP?
EVERYTHING ELSE 15 SO
EXPENSIVE, AND I DON'T

KNOW WHO’S PAYING... ARE

STATISTICIANS STINGY 7 1I'VE
NEVER GONE OUT WITH
ONE BEFORE... THOUGH I

ONCZE KNEW A VERY

GENEROUS ACCOUNTANT...
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There are three kinds of lies:

Lies,

Damned lies,

and Statistics!!

by Benjamin Disraeli (% B 7 47)
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Data visualization

Data visualization is the graphic representation of data. It involves producing images that communicate
relationships among the represented data to viewers of the images. This communication is achieved through
the use of a systematic mapping between graphic marks and data values in the creation of the visualization.
This mapping establishes how data values will be represented visually, determining how and to what extent a
property of a graphic mark, such as size or color, will change to reflect changes in the value of a datum.

To communicate information clearly and efficiently, data visualization uses statistical graphics, plots,
information graphics and other tools. Numerical data may be encoded using dots, lines, or bars, to visually
communicate a quantitative message. ) Effective visualization helps users analyze and reason about data and
evidence. It makes complex data more accessible, understandable and usable. Users may have particular
analytical tasks, such as making comparisons or understanding causality, and the design principle of the
graphic (i.e., showing comparisons or showing causality) follows the task. Tables are generally used where
users will look up a specific measurement, while charts of various types are used to show patterns or
relationships in the data for one or more variables.
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Byte

Kilobyte
Megabyte
Gigabyte
Terabyte
Petabyte

Exabyte

Zettabyte

Yottabyte

GB

B

PB

EB

/B

YB

1,024 Bytes
1,024 KB
1,024 MB
1,024 GB
1,024 TB
1,024 PB
1,024 EB

1,024 /B
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MOST USED SOCIAL MEDIA PLATFORMS *

PERCENTAGE OF INTERMET USERS AGED 16 TO 64 WHO USE EACH PLATFORM EACH MONTH

NOTE: 70l L TANWARN

90.9%

FACEBOOK 85.1%

INSTAGRAM 68.1%

FACEBOOK MESSENGER 61.0%

( TIKTOK 37.6% >

X (TWITTER) 31.6%

WECHAT 24.3%

18.3%

WHATSAPP 15.5%

TELEGRAM 15.3%
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MOST USED SOCIAL MEDIA PLATFORMS *

PERCENTAGE OF INTERNET USERS AGED 16 TO 64 WHO USE EACH PLATFORM EACH MONTH

INOTE: YOUTUBE IS NOT OFFERED AS AN ANSWER OPTION FOR THIS QUESTION IN GWI'S SURVEY, SO IT WILL NOT APPEAR IN THIS RANKING TAIWAN

90.7%

FACEBOOK 85.3%
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Most Popular Social Media Platforms in 2024

Facebook 3,070 million

YouTube 2,500 million

WhatsApp 2,000 million

Instagram 2,000 million

TikTok

1,600 million

WeChat

1,360 million

Facebook Messenger 977 million

Telegram 900 million

Snapchat 800 million

Douyin 755 million

Source: DataReportal ﬂ Shopi fy

https://www.shopify.com/zh/blog/most-popular-social-media-platforms
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THE WORLD’S MOST USED SOCIAL PLATFORMS

RANKING OF SOCIAL MEDIA FLATFORMS BY GLOBAL ACTIVE USER FIGLIRES (IN MILLIONS)

CLOBAL OVERVIEW

FACEBOOK' 2958
YOUTUBE? 1514
WHATSAPP'* 2,000
2,000
1,309

105
I %
T 15

70

63

2

584
O 5
EXCT 556

45

@ SOURCES: | { . Foih s temecaT E‘ree (O) M !t t
. COMPARABILITY: ; - “ wdater
SCE DATA M : - social E ¢

80&crop=smart&auto=webp&s=771dc0a34e0
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Time spent on social media daily,' % of respondents (n = 41,960) https://sproutsocial.com/insights/new-social-media-demographics/

W >2hours [ 1-2hours M 10 minutes—1 hour B <10 minutes Don't use social media
Millennials T' T

18-29 years — Snapchat (41%), TikTok (35%), Instagram (32%)

30-39 years — LinkedIn (34%), X/Twitter (34%), Snapchat (33%), Instagram (32%)

40-49 years — LinkedIn (25%), Facebook (22%), X/Twitter (21%)

50-59 years — Facebook (29%), LinkedIn (24%), Pinterest (24%)
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Age gaps in Snapchat, Instagram use are particularly
wide, less so for Facebook

2% of U.S. adults in each age group who say they ever use ...

Youngest -
oldest

Ag 30-49 DIFF

2 (513
Snapchat ® I o L %

13 Tl
Instagram L L L +58
49
YouTube ® +46
. 4 48
TikTok [ - ® +44
) I 42
Twitter - - o +35

70O
Facebook - - +20

Mote: All differences shown in DIFF column are statistically significant. The DIFF values
shown are based on subtracting the rounded values in the chart. Respondents who did not
give an answer are not shown.

Source: Survey of U.S. adults conducted Jan. 25-Feb. 8, 2021.

“Social Media Use in 2021"

PEW RESEARCH CENTER
https://www.pewresearch.org/internet/wp-content/uploads/sites/9/2021/04/P1_2021.04.07_social-media_0-02a.png
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Installed workloads in millions

100

2016 2017 2018 2019

Source: Cisco Global Cloud Index, 2016-2021.

https://www.synopsys.com/content/dam/synopsys/designware-ip/diagrams/converg-cloud-comp-figl .jpg.imgw.850.x.jpg

2020

2021

19% CAGR

2016-2021

. Traditional data
center (-5% CAGR)

Cloud data
center (22% CAGR)




CLOUD STORAGE MARKET GLOBAL FORECASTT0 2028 (USD BN)

i'l..l

18 8

The global Cloud Storage
market 1s expected to be
worth USD 234.9 billion by
2028, growing at a CAGR of
18.8% during the forecast
period.

234.9
99.2
198 e — I
—
2022 2023 2028

B North America ® Europe ® Asia-Pacific m Middle-East & Africa m Latin America

https://www.marketsandmarkets.com/Market-Reports/cloud-storage-market-902.html
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Cloud Infrastructure Services Market
(laaS, PaaS, Hosted Private Cloud)

Lead in the Cloud Market

Worldwide market share of leading cloud infrastructure

360 I Amazon Maintains Dominant
service providers in Q3 2024

aws EXE
550 Arue I 0%
O Googlecioud [ ININIGN 12%
CJAibabacioud [ 4%
oracLe [ 3% ( )
- 2% Cloud infrastructure service
revenues in Q3 2024
$4D ¢ S1BMcloud [ 2% $84B
+23% y-o-
&> Tencen tcioud [ 2% ¢ e

* Includes platform as a service (PaaS) and infrastructure as a service (laaS)
as well as hosted private cloud services

Source: : Synergy Researc| h Group

i L/
330 statista %a

) ..

310

Worldwide Revenues ($B)

& ||

https://www.statista.com/chart/18819/worldwide-market-
share-of-leading-cloud-infrastructure-service-providers/

Q1 2023
Market
Share

s2%

23%

10%

Next 20 o
Companies 26%

Others 9%

Q1 2018 Q1 2019 Q1 2020

https://www.cloudzero.com/blog/cloud-computing-market-size/

Q1 2021

Q1 2022 Q1 2023
Source: Synergy Ressarch Group
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31614.10

$1374.57 4

$1170.59
$996.88

5 848.95

§722.81
5 615.68

5 524.32

§ 446.51
/025 -
A 2

https://www.cloudzero.com/blog/cloud-computing-market-size/
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10% CAGR - Other (2.1%,3.9%)

2018-2023 30 B Tablets (4%,3%)
% '

—
i 20 =
Billions of —
Devices  1°
10
5
0

2018 2019 2020 2021 2022 2023

8PCs (7%,4%)

BTVs (13%,11%)

B Non-Smartphones (13%,5%)
B Smartphones (27%,23%)
BM2M (33%, 50%)

* Figures (n) refer to 2018, 2023 device share

% = 4 4% % (Machine to machine, M2M )

2) ﬁ;ﬂ—_—_ )14 A L-’ '3'-5 & 5G .1 -7 -—L- £ > V£ :
BEALAEF a8 F 4 AT B ik Source: Cisco Annual Intemet Report, 2018-2023
‘3@ :‘:P-’; E"E’ ‘/‘ i ﬁ l:ﬁ E' f;r' % ]:J\; f _;E Z?Z' o }Clitf_s;gm.}::;o.conw/en/us/so1utions/conatera]/execmive-perspectives/annua1-imemet-repomwhite-paper-
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To be or not to be, that 1s the question...
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B 7 2 T 4% | It’s Difficult to Make Predictions,
Especially About the Future.

Predictive Tools

* Prediction is very difficull,
especially about the future.
- Nints Bohr — Phyaicisl {1805-10632)

"It is fough fo make prediclions,
especiglly about the fufure.”

- Wiy BeiTa, DaseDol S
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- Data Processing ; ( T3 & it )
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